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Abstract

In the manufacturing industry, there is significant demand for Artificial Intelligence (AI)
applications, including predictive maintenance. However, when trying various Al methods and

developing systems for individual projects, there were problems such as time-consuming setup of

development environment and coding tasks, as well as increased maintenance costs. To address

these problems, we are developing AS-Als, a data utilization platform that can be shared and
utilized across projects. As one of the components of AS-Als, we developed AS-TSAD, an Al-enabled
time series anomaly detection platform. In AS-TSAD, users can access preprocessing and Al
functions through a browser-based user interface. We confirmed that AS-TSAD can successfully

detect anomalies in actual equipment data.
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Fig. 1. Targeting strategy of AS-Als.
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Fig.2. Schematic diagram of time series anomaly
detection.
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Fig. 3. System overview of AS-TSAD.
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Fig.4. Time series change of press machine current.
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Fig. 5. Preprocessing flow and cycle time calculation results.
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Fig.6. Time series changes in correlated current values.
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Fig. 7. Preprocessing flow and anomaly score calculation results.
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results without operation flag generation and multiplication.
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